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The in door ra don be hav ior has com plex dy nam ics due to the in flu ence of the large num ber of
dif fer ent pa ram e ters: the state of in door at mo sphere (tem per a ture, pres sure, and rel a tive hu -
mid ity), aero sol con cen tra tion, the ex change rate be tween in door and out door air, con struc -
tion ma te ri als, and liv ing hab its. As a re sult, in door ra don con cen tra tion shows vari a tion,
with the usual pe ri od ic ity of one day and one year. It is well-known that sea sonal vari a tion of
the ra don con cen tra tion ex ists. It is par tic u larly in ter est ing to in ves ti gate in door ra don vari a -
tion at the same mea sur ing lo ca tion and time pe riod, each year, due to es ti ma tion of in di vid ual 
an nual dose from ra don ex po sure. The long-term in door ra don mea sure ments, in a typ i cal
fam ily house in Ser bia, were per formed. Mea sure ments were taken dur ing 2014, 2015, and
2016, in Feb ru ary and July, each year. The fol low ing mea sur ing tech niques were used: ac tive
and char coal can is ters meth ods. Anal y sis of the ob tained re sults, us ing multivariate anal y sis
meth ods, is pre sented.
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INTRODUCTION

The re search of the dy nam ics of ra don in var i ous
en vi ron ments, es pe cially in doors, is of great im por -
tance in terms of pro tec tion against ion iz ing ra di a tion
and in de sign ing of mea sures for its re duc tion. Pub -
lished re sults and de vel op ment of many mod els to de -
scribe the be hav ior of in door ra don, in di cates the com -
plex ity of this re search, es pe cially with mod els for
pre dic tion of the vari abil ity of ra don [1-3]. This is be -
cause the vari abil ity of ra don de pends on a large num -
ber of vari ables such as lo cal ge ol ogy, per me abil ity of
soil, build ing ma te ri als used for the build ings, the state 
of the in door at mo sphere (tem per a ture, pres sure and
rel a tive hu mid ity), aero sol con cen tra tion, the ex -
change rate be tween in door and out door air, con struc -
tion ma te ri als, as well as the liv ing hab its of peo ple. It
is known that the in door ra don con cen tra tion vari a tion
has pe ri od ic ity of one day and one year. It is also
well-known that the sea sonal vari a tion of the ra don
con cen tra tion ex ists. This is why it is par tic u larly in -
ter est ing to in ves ti gate in door ra don vari a tion at the
same mea sur ing lo ca tion and time pe riod, year af ter

year, in or der to es ti mate the in di vid ual an nual dose
from ra don ex po sure. In that sense, we per formed
long-term in door ra don mea sure ments in a typ i cal
fam ily house in Ser bia. Mea sure ments were taken dur -
ing the 2014, 2015, and 2016, in Feb ru ary and July,
each year. We used the fol low ing mea sur ing tech -
niques: ac tive and char coal can is ters meth ods. The de -
tailed anal y sis of the ob tained re sults us ing
multivariate anal y sis (MVA) meth ods is pre sented in
this pa per.

First, MVA meth ods were tested on the ra don
vari abil ity stud ies in the Un der ground Low Back -
ground Lab o ra tory in the In sti tute of Phys ics, Bel -
grade [4, 5]. Sev eral cli mate vari ables: air tem per a -
ture, pres sure, and hu mid ity were con sid ered. Fur ther
ad vance was made by us ing all the pub licly avail able
cli mate vari ables mon i tored by nearby au to matic me -
te o ro log i cal sta tion. In or der to an a lyze the de pend -
ence of ra don vari a tion on mul ti ple vari ables,
multivariate anal y sis needs to be used. The goal was to
find an ap pro pri ate method, out of the wide spec trum
of multivariate anal y sis meth ods that are de vel oped
for the anal y sis of data from high-en ergy phys ics ex -
per i ments, to an a lyze the mea sure ments of vari a tions
of ra don con cen tra tions in in door spaces. Pre vi ous

V. I. Udovi~i}, et al.: Multiyear In door Ra don Vari abil ity in a Fam ily House – ...
174 Nu clear Tech nol ogy & Ra di a tion Pro tec tion: Year 2018, Vol. 33, No. 2, pp. 174-179

* Cor re spond ing au thor; e-mail: udovicic@ipb.ac.rs



anal y sis were done us ing the max i mum of 18 cli mate
pa ram e ters and use and com par i son of 8 dif fer ent
multivariate meth ods. In this pa per the num ber of vari -
ables is re duced to the most im por tant ones and new
de rived vari ables, like va por pres sure, sim ple mod eled 
so lar irradiance and sim ple mod eled pre cip i ta tion,
which were in tro duced in the multivariate anal y sis.

INDOOR RADON MEASUREMENTS
METHODS

De pend ing on the in te grated mea sure ment time,
meth ods of mea sure ment of the in door ra don con cen tra -
tions may be di vided into long-term and short-term ones.
The de vice for the per formed short-term ra don mea sure -
ments is SN1029 ra don mon i tor (man u fac tured by the
Sun Nu clear Cor po ra tion, NRSB ap proval-code 31822)
with the fol low ing char ac ter is tics: the mea sure ment
range from 1 Bqm–3 to 99.99 kBqm–3, ac cu racy equal to
+25 %, sen si tiv ity of 0.16 counts hour per Bqm–3. The
de vice con sists of two dif fused junc tion photodiodes as
the ra don de tec tor which is fur nished with sen sors for
tem per a ture, bar o met ric pres sure, and rel a tive hu mid ity.
The sam pling time was set to 2 h. The method for Char -
coal Can is ter used is: EERF Stan dard Op er at ing Pro ce -
dures for Ra don-222 Mea sure ment Us ing Char coal Can -
is ters [6], also used by ma jor lab o ra to ries which con duct
ra don mea sure ments in Ser bia [7]. Ex po sure time of the
char coal can is ters was 48 h. The con nec tion be tween
short term and long term mea sure ments has at tracted
some in ter est pre vi ously [8].

The fam ily house, se lected for the mea sure ments 
and anal y sis of vari a tions of ra don con cen tra tions, is a
typ i cal house in Bel grade res i den tial ar eas, with re -
quire ment of ex is tence of cel lar. House is built on
lime stone soil. Ra don mea sure ments were car ried out
in the liv ing room of the fam ily house, which is built of
stan dard ma te ri als (brick, con crete, mor tar) and iso -
lated with sty ro foam. Dur ing the pe riod of mea sure -
ments (win ter-sum mer 2014, 2015, and 2016), the
house was nat u rally ven ti lated and air con di tion ing
was used in heat ing mode at the be gin ning of the mea -
sure ment pe riod. Dur ing the win ter pe riod mea sure -
ments, the elec tri cal heat ing was used in ad di tion to air
con di tion ing. Mea sured ra don con cen tra tions, room
tem per a ture (T_id), at mo spheric pres sure (P_id) and
rel a tive hu mid ity (H_id) in side the house, were ob -
tained us ing ra don mon i tor. Val ues of me te o ro log i cal
vari ables, in the mea sure ment pe riod, were ob tained
from an au to matic me te o ro log i cal sta tion, lo cated near 
the house in which the mea sure ment was per formed.
We used the fol low ing me te o ro log i cal vari ables: ex -
ter nal air tem per a ture (T), also at height of 5cm, pres -
sure (P) and hu mid ity (H), so lar ir ra di a tion, wind
speed, pre cip i ta tion, tem per a ture of the soil at depths
of 10 cm, 20 cm and 50 cm. The nat u ral ven ti la tion
rou tine was not mon i tored. Since the ven ti la tion is of

cru cial im por tance for the level of ra don in doors [9],
Multivariate re gres sion anal y sis was used mainly for
win ter pe ri ods.

MULTIVARIATE REGRESSION
ANALYSIS

In many fields of phys ics, es pe cially in high-en -
ergy phys ics, there is the de mand for de tailed anal y ses
of a large amount of data. For this pur pose, the data
anal y sis en vi ron ment ROOT [10], is de vel oped.
ROOT is mod u lar sci en tific soft ware frame work,
which pro vides all the functionalities needed to deal
with big data pro cess ing, sta tis ti cal anal y sis, vi su al -
iza tion and stor age. A spe cific func tion al ity gives the
de vel oped Toolkit for Multivariate Anal y sis (TMVA)
[11]. The TMVA pro vides an en vi ron ment for the pro -
cess ing, par al lel eval u a tion and ap pli ca tion of
multivariate re gres sion tech niques.

TMVA is used to cre ate, test and ap ply all avail -
able re gres sion multivariate meth ods, im ple mented in
ROOT, in or der to find meth ods which are the most ap -
pro pri ate and yield max i mum in for ma tion on the de -
pend ence of in door ra don con cen tra tions on the mul ti -
tude of me te o ro log i cal vari ables. Re gres sion meth ods
are used to find out which re gres sion method can, if
any, on the ba sis of in put me te o ro log i cal vari ables
only, give an out put that would sat is fac to rily close
match the ob served vari a tions of ra don con cen tra -
tions. The out put of us age of multivariate re gres sion
anal y sis meth ods has mapped func tional be hav ior,
which can be used to eval u ate the mea sure ments of ra -
don con cen tra tions us ing in put me te o ro log i cal vari -
ables only. All the meth ods make use of train ing
events, for which the de sired out put is known and is
used for train ing of Multivariate re gres sion meth ods,
and test events, which are used to test the MVA meth -
ods out puts.

RESULTS

Mea sure ments were per formed dur ing Feb ru ary
and July in 2014, 2015, and 2016 us ing ra don mon i tor
and char coal can is ter mea sure ments. The de scrip tive
re sults are sum ma rized in tab. 1. The mea sure ments
us ing ra don mon i tor and char coal can is ters are in good 
agree ment.

Pre vi ous work done by re search ers from the
Low Back ground Lab o ra tory, In sti tute of Phys ics,
Bel grade, us ing the MVA anal y sis in search of con nec -
tions be tween ra don con cen tra tion and me te o ro log i cal 
vari ables, in cluded only one pe riod of mea sure ment,
Feb ru ary or July 2014 [4]. Now the MVA anal y sis is
us ing all the mea sured data Feb ru ary/July 2014-2016.
New vari ables in tro duced in MVA anal y sis are mod -
eled so lar irradiance, mod eled pre cip i ta tion and va por
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pres sure. In or der to make use of in ten sity of so lar
irradiance dur ing the whole day and night, the so lar
irradiance is mod eled so that it in cludes 80 % of so lar
irradiance value from the pre vi ous mea sure ment (pre -
vi ous hour) with ad di tion of so lar irradiance value for
the ac tual hour of mea sure ment (fig. 1). The value of
80 % is cho sen so that the mod eled so lar ir ra di a tion
has the best cor re la tion with the ra don mea sure ments.
Sim i lar model of pre cip i ta tion was used in this anal y -
sis. The next new vari able is va por pres sure. The va por 
pres sure vari able is cal cu lated us ing the slope s(T), of
the re la tion ship be tween sat u ra tion va por pres sure and 
air tem per a ture and is given by [12, 13], so that the va -
por pres sure equals rel a tive hu mid ity times sat u ra tion
va por pres sure, fig. 2.

Be fore the start of train ing of Multivariate re -
gres sion meth ods us ing TMVA toolkit in ROOT, the
de scrip tion of in put me te o ro log i cal vari ables is per -
formed, mainly by look ing into inter-cor re la tions of
in put vari ables and their con nec tions with the mea -
sured ra don con cen tra tions. The MVA is us ing all the
mea sured data. Ta ble 2 pres ents the me te o ro log i cal
vari ables and their mod ule value of cor re la tion with
the mea sured ra don con cen tra tions (tar get), which is
in dic a tive in find ing lin ear de pend ence of ra don mea -

sure ments and in put vari ables. The sec ond col umn in
tab. 2 pres ents us with cor re la tion ra tion val ues which
in di cate if there are some func tional de pend ence (not
only lin ear) be tween in put vari ables and ra don con -
cen tra tion, and the last col umn pres ents the mu tual in -
for ma tion which in di cates if there is a non-func tional
de pend ence of in put vari ables and ra don mea sure -
ments [11].

From tab. 2 it can be no ticed that lin ear cor re -
lated val ues are not the only ones which can be used in
MVA anal y sis, for ex am ple vari able so lar irradiance
has high mu tual in for ma tion with the ra don mea sure -
ments. 

In the data prep a ra tion for MVA train ing the
whole dataset is con sist ing of many events. An event
in cludes time of mea sure ment, ra don mea sure ment
and me te o ro log i cal vari ables. The dataset is ran domly
split in two halves, one half of the events will be used
for train ing of multivariate re gres sion meth ods, and
the other half of events for test ing of meth ods, mainly
to com pare the mea sured and MVA eval u ated val ues
for ra don con cen tra tion.

It turns out that the meth ods best suited for our
pur pose is the Boosted De ci sion Trees (BDT) method.
This means that BDT gives the small est dif fer ence be -
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Table 1. Descriptive results of February and July 2014, 2015, and 2016 measurements, using radon monitor and charcoal
canisters (only in February)

Results of measurements
2014 2015 2016

Feb. July Feb. July Feb. July

Minimal radon activity using radon monitor [Bqm–3] 15 0 28 0 12 3

Maximal radon activity using radon monitor [Bqm–3] 1000 286 915 88 1013 262

Median radon activity using radon monitor [Bqm–3] 418 25 524 22 412 28

Arithmetic mean of radon activity using radon monitor
(standard deviation) [Bqm–3]

402 40 508 27 423 39

(216) (41) (207) (18) (214) (32)

Room temperature using radon monitor
(standard deviation) [°C]

20.4 24.7 21.2 24.9 22.3 24.6

(0.8) (0.9) (0.6) (0.8) (0.6) (0.8)

Relative humidity using radon monitor
(standard deviation) [%]

67.4 67.8 68.2 51.5 64.0 58.9

(5.7) (4.8) (4.8) (4.7) (6.4) (7.5)

Radon activity using charcoal canister
(standard deviation) [Bqm–3]

432
/

518
/

407
/

(10) (6) (5)

Fig ure 1. Mod eled so lar irradiance in com par i son with
mea sured ra don con cen tra tion dur ing Feb ru ary 2016

Fig ure 2. Va por pres sure in com par i son with mea sured
ra don con cen tra tion dur ing Feb ru ary 2016



tween the mea sured ra don con cen tra tion from test
sam ple and the eval u a tion of value of ra don con cen tra -
tion us ing in put vari ables only. This can be seen in fig.
3, which shows the dis tri bu tion of BDT and BDTG re -
gres sion method out puts (eval u ated val ues) in com -
par i son with the mea sured ra don con cen tra tion dur ing
Feb ru ary 2016. 

Since TMVA has 12 dif fer ent re gres sion meth -
ods im ple mented, only some of those will give use ful
re sults when eval u at ing the ra don con cen tra tion mea -
sure ments. Ta ble 4 sum ma ries the re sults of MVA
anal y sis. It shows the MVA meth ods RMS of dif fer -
ence of eval u ated and mea sured ra don con cen tra tion.
Also, tab. 4 shows the mu tual in for ma tion of mea sured 
and MVA eval u ated ra don con cen tra tion. Be sides

BDT, the Multi-Layer Perceptron (MLP) [10], an im -
ple men ta tion of Ar ti fi cial Neu ral Net work multi
variate method, also gives good re sults. 

The MVA re gres sion anal y sis re sults in mapped
func tional be hav ior and, as op posed to pos si ble ex is -
tence of the o ret i cal mod el ing, which is in de pend ent of
the num ber of mea sure ments, MVA de pends on the
num ber of events. More events, the better mapped
func tion we get as a re sult. In this sense, if the num ber
of mea sure ments is not great, multivariate anal y sis can 
be used only as help, to in di cate which vari ables are
more im por tant to be used in the o ret i cal mod el ing, for
com par i son of mapped and mod eled func tions, and
mod eled func tion test.

CON CLU SION

In door ra don vari a tion at one lo ca tion in the
same pe ri ods (Feb ru ary and July), was in ves ti gated for 
three years. Long-term in door ra don mea sure ments
show in tense sea sonal vari a tion. The re sults ob tained
with dif fer ent mea sur ing meth ods are in good agree -
ment. The ra don be hav ior in the house is al most the
same and shows good reproducibility year by year.
The small vari a tions in the year by year dy nam ics are
orig i nated mostly from the vari a tions in me te o ro log i -
cal vari ables dur ing win ter sea sons and mostly due to
ven ti la tion hab its dur ing sum mer sea son. Ven ti la tion
hab its were not mon i tored nor taken into ac count in
MVA re gres sion anal y sis. The pre lim i nary re sults us -
ing multivariate anal y sis meth ods in TMVA are
shown. Main out put of Multivariate re gres sion anal y -
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Fig ure 3. Com par i son of MVA eval u ated ra don
con cen tra tion and mea sured one from the test sam ple of
events dur ing February 2016

Ta ble 2. In put vari able rank and val ues for cor re la tion, cor re la tion ra tio and mu tual in for ma tion, all with the mea sured
ra don con cen tra tions (tar get) for Feb ru ary and July 2014-2016 mea sure ments

Vari able
Cor re la tion with tar get Cor re la tion ra tio Mu tual in for ma tion

Rank Value Rank Value Rank Value

Soil temperature depth 20 cm [°C] 1 0.87 1 0.60 13 1.48

Soil temperature depth 50 cm [°C] 2 0.86 2 0.57 14 1.31

Soil temperature depth 10 cm [°C] 3 0.82 3 0.54 9 1.84

Temperature out door [°C] 4 0.82 5 0.53 8 1.85

Va por in door – va por od [mbar] 5 0.81 9 0.41 11 1.73

Temperature  od – temperature id [°C] 6 0.80 4 0.53 6 1.92

Temperature  height 5 cm [°C] 7 0.77 8 0.48 7 1.91

Va por od [mbar] 8 0.76 10 0.41 5 1.92

Temperature  id [°C] 9 0.75 7 0.49 17 1.16

So lar irradiance [Wm–2] 10 0.61 6 0.50 2 2.23

Hu mid ity in door [%] 11 0.45 11 0.26 1 2.26

Hu mid ity out door [%] 12 0.31 13 0.20 10 1.76

Air pres sure out door [mbar] 13 0.27 17 0.07 12 1.55

Wind speed [ms–1] 14 0.22 16 0.01 16 1.28

Air pres sure in door [mbar] 15 0.17 18 0.04 15 1.31

Hu mid ity od – Hu mid ity id [%] 16 0.10 14 0.19 4 2.11

Pre cip i ta tion [Lm–2] 17 0.01 15 0.19 18 1.13

Va por in door [mbar] 18 0.002 12 0.02 3 2.17



sis is the ini tial ver sion of mapped func tion of ra don
con cen tra tion de pend ence on mul ti tude of me te o ro -
log i cal vari ables. Sim pli fi ca tion of MVA meth ods can
be made by choos ing only the most im por tant in put
vari ables and ex clude the other vari ables.
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Ta ble 3. In put vari able cor re la tion with the mea sured ra don con cen tra tions for Feb ru ary and July 2016

Cor re la tion with tar get

February 2016 July 2016

Vari able Value Vari able Value

Va por id-va por od [mbar] 0.58 Soil temperature depth 20 cm [°C] 0.46

Hu mid ity id [%] 0.54 Soil temperature depth 50 cm [°C] 0.42

Va por id [mbar] 0.52 So lar irradiance 0.32

So lar irradiance [Wm–2] 0.48 Temperature id [°C] 0.30

Temperature od – temperature id [°C] 0.46 Soil temperature depth 10 cm [°C] 0.24

Temperature [°C] 0.44 Temperature od [°C] 0.21

Soil temperature depth 10 cm [°C] 0.43 Hu mid ity od [%] 0.20

Soil temperature depth 20 cm [°C] 0.42 Hu mid ity id [%] 0.19

Hu mid ity [%] 0.38 Air pres sure [mbar] 0.17

Temperature height 5 cm [°C] 0.32 Pre cip i ta tion [Lm–2] 0.17

Temperature id [°C] 0.29 Temperature od – temperature id [°C] 0.16

Air pres sure od [mbar] 0.23 Air pres sure_id [mbar] 0.16

Air pres sure id [mbar] 0.21 Hu mid ity od – hu mid ity id [%] 0.14

Soil temperature depth 50 cm [°C] 0.20 Wind speed [ms–2] 0.13

Pre cip i ta tion [Lm–2] 0.19 Temperature height 5 cm [°C] 0.12

Hu mid ity od – hu mid ity id [%] 0.15 Va por id [mbar] 0.06

Va por od [mbar] 0.08 Va por od [mbar] 0.03

Wind speed [ms–1] 0.05 Va por id – va por od [mbar] 0.02

Ta ble 4. RMS of MVA method's eval u a tion error and
 mu tual in for ma tion; Feb ru ary/July 2014-2016

MVA method RMS [Bqm–3] Mu tual in for ma tion

BDT 85.5 1.477

BDTG 92.1 1.614

MLP 101 1.401



[11] Hoecker, A., et al., TMVA – Toolkit for Multivariate
Data Anal y sis, PoS ACAT 040, arXiv:phys ics/070
303, 2007

[12] Murray, F. W., On the Com pu ta tion of Sat u ra tion Va -
por Pres sure, J. Ap plied Me te o rol ogy, 6 (1967), 1, pp.
203-204

[13] Tetens, O., About Some Me te o ro log i cal As pects (in
German), Z. Geophys, 6 (1930), pp. 207-309

Re ceived on Oc to ber 6, 2018
Ac cepted on June 8, 2018

V. I. Udovi~i}, et al.: Multiyear In door Ra don Vari abil ity in a Fam ily House – ...
Nu clear Tech nol ogy & Ra di a tion Pro tec tion: Year 2018, Vol. 33, No. 2, pp. 174-179 179

Vladimir I. UDOVI^I], Dimitrije M. MALETI], Radomir M. BAWANAC,
Dejan R. JOKOVI], Aleksandar L. DRAGI], Nikola B. VESELINOVI],

Jelena Z. @IVANOVI], Mihailo R. SAVI], Sofija M. FORKAPI]

STUDIJA  SLU^AJA  VI[EGODI[WE  VARIJABILNOSTI  RADONA
 U  PORODI^NOJ KU]I  U  SRBIJI

Pona{awe radona u zatvorenom prostoru ima slo`enu dinamiku zbog uticaja velikog
broja razli~itih parametara koji uti~u na wegovu varijabilnost: meteorolo{kih (temperatura,
pritisak i relativna vla`nost), koncentracije aerosola, brzine razmene izme|u unutra{weg i
spoqa{weg vazduha, gra|evinskih materijala i `ivotnih navika. Kao rezultat, koncentracija
radona u zatvorenim prostorijama pokazuje varijaciju, uz standardnu periodi~nost od jednog dana i
jedne godine. Godi{wa varijabilnost je dobro poznata sezonska varijacija koncentracije radona.
Posebno je interesantno pratiti vi{egodi{we varijacije koncentracije radona na istoj mernoj
lokaciji i vremenskom periodu, pre svega zbog procene individualnih godi{wih doza od izlo-
`enosti radonu. U tipi~noj porodi~noj ku}i u Srbiji izvr{ena su dugotrajna merewa radona u
dnevnom boravku. Merewa su ra|ena tokom 2014, 2015, i 2016. godine, u februaru i julu, svake godine.
Kori{}ene su slede}e merne tehnike: aktivna i metoda kori{}ewa ugqenih kanistera. Dobijeni
rezultati analizirani su kori{}ewem multivarijantne regresione analize.

Kqu~ne re~i: varijabilnost radona, multivarijantna regresiona analiza, ra don u zatvorenim
..........................prostorijama, vi{egodi{we merewe radona


